
 
 
 
 
 
 
 
 
 
 
 
 
Abstract. The advent of social media 
has radically changed the 
communication landscape. They 
enabled consumers to interact with 
other consumers online and exchange 
information. The information which 
consumers generate and share on 
social media is called user generated 
content (UGC). Today consumers 
rely heavily on UGC in their 
purchase decisions. The current study 
assesses the effects of quantity of 
posts, views and reviews (QPVR) on 
perceived credibility (PC) and 
usefulness (PU) of product content 
which users generate on YouTube. It 
also examines the effects of PC and 
PU on consumer attitudes toward 
UGC and their intentions of using it 
in their purchase decisions. Data was 
collected from 231 university students 
from Islamabad, Pakistan. The 
results reveal that QPVR has a 
positive effect on both PC and PU of 
the product content which users 
generate on YouTube. They also show 
that PC and PU have a positive effect 
on consumer attitudes toward 
product content which other users 
generate on YouTube. Findings of the 
current study have significant 
implications for social media 
advertisers. 
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1. Introduction  
 
Recent advancements in internet-based technologies have produced radical 

changes in the nature of the socio-business communication style, content and 
participants. The internet has opened new avenues for businesses to interact with their 
customers effectively (Ščeulovs and Gaile-Sarkane, 2010). Today, businesses use the 
internet to conduct their commercial activities globally (Durbhakula and Kim, 2011). 
Recently, social media has profoundly transformed the ways in which people 
communicate (Edwards, 2011). Social Media is a “group of internet-based 
applications that build on the ideological and technological foundations of Web 2.0, 
and that allow the creation and exchange of user generated content” (Kaplan and 
Haenlein, 2010, p. 61). In other words, social media is the personalized user generated 
media and users exercise greater control over its content generation and use than its 
producers of consumer goods and services (Dickey and Lewis, 2011). Social media is 
a broad term and consists of online networks (e.g. Facebook, MySpace, and 
LinkedIn), wikis (e.g. Wikipedia), multimedia sharing sites (e.g., YouTube and 
Flickr), bookmarking sites (e.g. Del.icio.us and Digg), virtual worlds (e.g. Second 
Life), rating sites (e.g. Yelp), blogs (e.g. TMZ), and virtual game worlds (e.g. World 
of Warcraft). The rapid growth and adoption of social media globally made it the focal 
point for business decision makers. Today, businesses are allocating their resources to 
identifying ways to make profitable use of social media (Kaplan and Haenlein, 2010). 
Since the inception of social media, several researchers (e.g. Cheong and Morrison, 
2008; Chi, 2011; Cui et al., 2010; Daugherty et al., 2008; Mir, 2012; Mir and Zaheer, 
2012; Sun et al., 2009; Zeng et al., 2009) attempted to assess the different aspects, 
uses and impacts of social media. Nevertheless, most of these past studies focused on 
social networking sites and virtual communities. So far, few studies have focused on 
YouTube which is a huge source of user generated content (UGC). YouTube is a 
multimedia sharing site where users can upload, share and view videos.  They can also 
rate the YouTube content by giving it a thumb up or down or by publishing their 
comments (Snelson, 2011). Video dissemination through YouTube can have 
widespread impacts on opinions, thoughts, and cultures (Borghol et al., 2012) 
particularly when these videos are user generated. The popular user generated videos 
on YouTube shape the public opinion, attitude, and sentiments (Bachrach, 2008; Kiss, 
2006). The user generated videos on YouTube can be about products, events, 
personalities and so on.  

The current study focuses on UGC which contains information about 
products. Users trust UGC more than the producer generated content (PGC) (Cheong 
and Morrison, 2008; MacKinnon, 2012). Users/consumers trust UGC because other 
users are believed to share both their negative and positive product experiences in the 
spirit of full disclosure. Moreover, they are not perceived as having a commercial 
interest, which makes them seem unbiased judgers of a product’s or service’s 
qualities. On the other hand, producers usually communicate only the positive 
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attributes of their products to save their commercial interests (Cheong and Morrison, 
2008), a fact well-known by consumers world-wide which has led to a wave of 
cynicism and scepticism (Helm, 2004). No doubt, users’ impartiality makes the UGC 
more credible and useful than PGC. Besides this well-established fact, quantity of 
posts (number of videos about a product generated by users), their views and reviews 
(ratings) may affect the credibility and usefulness of UGC on YouTube. Ratings and 
recommendations by other users play an important role in assessing the credibility of 
the UGC on social media (Flanagin et al., 2011; Mir and Zaheer, 2012). The current 
study aims to examine the influence of quantity of posts, views, and reviews on the 
credibility and usefulness of product related content generated by users on YouTube. 
It also examines the influence of perceived credibility and usefulness on consumer 
attitudes toward product related content generated by users on YouTube (ATU) and 
their behavioural intentions (BI). This research is founded on Simonsen’s (2011) 
methodological suggestion to analyse the utility of YouTube as a communication 
channel and browsing system from the users’ side because most of the content on 
social media sites (e.g. on YouTube) is created by users and most of this content is 
used by end users. 

 
2. Underlying theories and the proposed model  
 
Prior to purchasing a product, consumers search for product information and 

recommendation so that a quality decision is made (Cheong and Morrison, 2008). Social 
media has made the consumers’ information seeking process very convenient. Today, 
consumers log on to different social media sites to gather the information to support 
their purchase decisions. Consumers particularly rely on user-generated content in 
purchase decision making (Riegner, 2007; MacKinnon, 2012). One of the useful sources 
of user and producer generated content is YouTube (Kim et al., 2011).  YouTube is a 
video sharing site where users upload videos to share with other users. The invention of 
YouTube augmented the online video viewing and production. It attracted huge number 
of audiences (Snelson, 2011). At the end of its first five years of service, YouTube was 
receiving more than 2 billion views per day (YouTube, 2010). Users were uploading 
more than 35 hours of videos per minute (Walk, 2010). Besides consumers, commercial 
and non-commercial organizations are using YouTube to communicate their messages. 
For instance, a lot of information about HPV vaccination and cervical cancer is available 
on YouTube (Ache and Wallace, 2008). Similarly, many travelling agencies are 
publishing tourism content on YouTube (Reino and Hay, 2011). Consumers use 
YouTube to share their experiences and views with other consumers in the form of 
videos. Since users/consumers play an active role in the production, distribution and 
receipt of YouTube’s media content, (e.g. in video creating, sharing, and viewing), 
therefore, it is appropriate to examine the use of YouTube and its influence from an 
audience- perspective (Hanson and Haridakis, 2008).  
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The current study postulates that the quantity of posts, views, and reviews 
(QPVR) influences the perceived credibility (PC) and usefulness (PU) of product related 
content generated by users (UGC) on YouTube. It further postulates that perceived 
credibility (PC) and usefulness (PU) affect the consumer attitudes toward product 
related UGC available on YouTube (ATU). ATU is supposed to affect consumers’ 
behavioural intentions (BI) of using product related UGC available on YouTube (See 
Figure 1). Several past theories partially support the postulations of the current study. 
For instance, the theory of social impact (Latane, 1981) supports the postulation that 
QPVR influences the perceived credibility (PC) and usefulness (PU) of product related 
content generated by users (UGC) on YouTube. Social impact theory states that “when 
other people are the source of impact and the individual is the target; impact should be a 
multiplicative function of the strength, immediacy, and number of other people” 
(Latane, 1981, p. 343). It assumes that as the number of social network members 
increases, the impact on the target individual increases. According to Latane (1981) 
actions and arguments of others not just influence an individual, but sometimes persuade 
him or her to act. Consistent with the social impact theory, Mir and Zaheer (2012) found 
that brand information on social media becomes more credible when multiple users 
express the same opinions about it in the form of comments, tags etc. Ratings and 
recommendations by other users help an individual user in assessing the credibility of 
the UGC on social media (Flanagin et al., 2011).  Product information embedded in 
UGC becomes more credible and useful when multiple sources are supporting it 
(O’Reilly and Marx, 2011; Wunsch-Vincent, 2007).  

In the original technology acceptance model (TAM), Davis (1986) suggested 
that the perceived usefulness affects attitudes. This supports the postulation that the 
perceived usefulness (PU) affects the consumer attitudes toward product related UGC 
available on YouTube (ATU). Similarly, perceived credibility has a positive influence 
on consumer attitudes toward user-generated content (Mir and Zaheer, 2012).  The 
theory of reasoned action (Fishbein and Ajzen, 1975; Ajzen and Fishbein, 1980) and 
theory of planned behaviour (Ajzen, 1991) support the postulation that consumer 
attitudes toward product related UGC available on YouTube (ATUGC) affect their 
behavioural intentions (BI) of using it. The attitude construct in the theory of reasoned 
action (TRA) and the theory of planned behaviour (TPB) represents the attitude 
towards a particular behavior in a specific context (Ajzen 1991; Ajzen and Fishbein, 
1980; Fishbein and Ajzen, 1975).  

Figure 1 shows the overall relationship between the constructs of this study. 
The interplay between the constructs and the resulting hypotheses are discussed 
separately. 
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Figure 1. Proposed attitudinal model of YouTube UGC 
 
2.1. Quantity of posts, views and reviews  
   
When many users share the same information about a product on social media 

this augments the credibility and usefulness of that information (Mir and Zaheer, 2012).  
Liu-Thompkins and Rogerson (2012) stated that user ratings influence diffusion of the 
content more than its inherent quality. Most users who seek UGC on the web rely on the 
other users’ tags and comments (Harris, 2012). Consumers (users) perceive the UGC 
sources (e.g., bloggers, video uploaders) as more credible than company generated 
content (Jonas, 2010). They also perceive UGC as a useful aid in purchase decision 
making (Cheong and Morrison, 2008). QPVR denotes the quantity of posts (number of 
videos about a product uploaded by multiple users on YouTube), views, and reviews 
(ratings and votes e.g. it’s true, I like it) of those videos. Consumers often read the 
product reviews or threads on social media to make well-considered buying decisions 
(Muntinga et al., 2011). When multiple users upload their content (videos) about a 
product (e.g. mobile handset) on YouTube the perceived credibility and usefulness of 
that content improves. Similarly, when many users view and review that content, its 
perceived credibility and usefulness improves (Wunsch-Vincent, 2007). Once a user 
uploads the video on YouTube it may have numerous comments, ratings, favourites and 
subscriptions by other users (Han et al., 2009). When various viewers rank a video 
through likes and votes, it becomes popular. This popularity attracts more users to watch 
that video. It ultimately leads to the perceived credibility and usefulness of that video 
(Cha et al., 2007; Gill et al., 2007; Han et al., 2009).  

H1. Quantity of posts, views and reviews has a positive effect on the 
perceived credibility of user generated YouTube product related content. 

H2. Quantity of posts, views and reviews has a positive effect on the 
perceived usefulness of user generated YouTube product related content. 
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2.2. Perceived credibility 
 
The credibility of a message depends on the recipient’s perception of its 

source (Erdogan, 1999). Assessing the credibility of the message source is important. 
High credibility of the message source has a positive effect on consumer attitudes 
toward the brand (Erdogan, 1999; Friedman and Friedman, 1979; Ohanian, 1990). 
Various factors affect the credibility of the message. For example, message medium, 
expertise, knowledge and credibility of the source. Internet users perceive the same 
information on the web more credible than on traditional media (e.g. in newspapers) 
(Wathen and Burkell, 2002).  

Credibility can be “defined as believability. Credible people are believable 
people. Similarly, credible information is believable information.” (Tseng and Fogg, 
1999, p. 39) Perceived credibility is defined as the extent to which a user feels the 
certainty and pleasant outcomes of using an electronic application service (Jacoby and 
Kaplan, 1972). Users hold more positive perceptions about user generated product 
messages on social media than advertisements (Parise and Guinan, 2008). UGC is 
considered to be unbiased in comparison to producer generated content (i.e. ads). Most 
importantly, the content which users generate on social media is based on their 
personal product experiences (Cheong and Morrison, 2008).  Perceptions about the 
source credibility influence message evaluation, attitudes and behavioural intentions 
(Ohanian, 1991).  

The current study postulates that the perceived credibility of user generated 
product content on YouTube has a positive effect on consumer attitudes toward such 
content (see Figure 1). Source credibility significantly affects the user’s attitudes 
toward the message (Zernigah and Sohail, 2012). Mir and Zaheer (2012) found that 
perceived credibility has a positive effect on consumer attitudes toward user-generated 
content (UGC).  

The current study also postulates that perceived credibility of UGC has a 
positive effect on its perceived usefulness (see Figure 1). Consumers perceive online 
product information credible and useful in purchase decision making (Cheung et al., 
2008). McKnight and Kacmar (2007) found that perceived credibility influences the 
perceived usefulness of the information on the web positively. Yet, there are some 
studies which contradict the findings of McKnight and Kacmar (2007). For example, 
Hilligoss and Rieh (2008) stated that a person may perceive the information on web as 
credible, but not useful.     

H3. Perceived credibility of user generated product content on YouTube has a 
positive effect on user attitudes toward it. 

H4. Perceived credibility influences perceived usefulness of user generated 
product content on YouTube positively. 

 
 
 



 Factors affecting consumer attitudes and intentions 

 
643

2.3. Perceived usefulness 
 
Consumers usually seek out other consumers’ comments, views and 

recommendations on the web to lessen the risks involved in a purchase (Goldsmith 
and Horowitz, 2006). Today consumers use social media (e.g. social network sites, 
blogs, YouTube) to find user generated product information to support their purchase 
decisions. Consumers perceive user generated product information on YouTube 
useful. Users generate and share useful information on social media (e.g. on YouTube) 
based on their personal product experiences. Users are believed to share both negative 
and positive product experiences which make UGC not only credible, but also useful 
(Cheong and Morrison, 2008). David (1989, p. 320) defined perceived usefulness as 
“the degree to which a person believes that using a particular system would enhance 
his or her job performance. This follows from the definition of the word useful: 
capable of being used advantageously”. UGC on YouTube is a convenient source of 
product information. Within a few seconds, an individual can get access to the 
different categories of UGC on YouTube (Simonsen, 2011). UGC contains diversified 
input from different users, which may be valuable for other users (Cook, 2008). The 
current study postulates that perceived usefulness has a positive effect on consumer 
attitudes toward the user generated product content on YouTube (See Figure 1). 
Perceived usefulness of UGC is proposed to have positive effects on consumer 
attitudes because usefulness of information benefits the consumer (Zeng et al., 2009).  

H5. Perceived usefulness of user generated product content on YouTube has a 
positive effect on user attitudes toward it. 

 
2.4. Attitude and behavioural intentions 
 
Understanding consumers’ attitude is important because it affects their 

behavioural intentions (Kraft et al., 2005). Attitude is defined as an individual’s 
favourable or unfavourable feelings and evaluations about performing a particular 
behaviour (Fishbein and Ajzen, 1975). “Intentions are assumed to capture the 
motivational factors that influence a behaviour; they are indications of how hard 
people are willing to try, of how much of an effort they are planning to exert, in order 
to perform the behaviour” (Ajzen, 1991, p. 181). Positive attitudes affect an 
individual’s behavioural intentions positively (Mosavi and Ghaedi, 2012). The current 
study proposes that consumer attitudes toward UGC on YouTube and their behavioural 
intentions of using that UGC in purchase decision making are associated positively 
(see Figure 1). Consumers’ positive attitudes toward online user generated content 
enhance their intentions to consume such content (Daugherty et al., 2008). 

H6. Positive user attitudes toward the product content generated by other users 
on YouTube have a positive effect on their intentions of using it in purchase decision 
making. 

 
 



Management & Marketing 

 
644

3.  Research methodology 
 
Data was collected from a sample of 231 university students at Islamabad (the 

capital of Pakistan). Samples were drawn using convenience sampling procedure and 
an offline self-administrative questionnaire was distributed to each respondent. To 
give a brief description of the resulting sample we can state that 61% of the 
respondents were male and 39% female, 7.4% were under 20 years of age, 63.8% had 
between 20 and 29 years, 24.8%, were between the age of 30 and 39, and 4% were 39 
or above. 54.3% students were enrolled in undergraduate degree programs, while 
45.7% were enrolled in graduate degree programs. 

To measure the constructs, we adapted several items from previous studies. 
To measure QPVR, two items were adapted from Bailey (2005) and two items from 
Jones et al. (1986). To measure the perceived credibility (PC) nine items were adapted 
from Chi (2011). To measure perceived usefulness (PU) three items were adapted 
from Chi (2011) and three items from Patwardhan and Ramaprasad (2005). To 
measure consumer attitudes toward product related UGC on YouTube (ATU) two 
items were adapted from Liu et al. (2009) and four items were adapted from Lai and 
Chang (2011). To measure the BI, two items were adapted from Liu et al. (2009). 
Responses were measured on a seven-point Likert scale ranging from one (“Strongly 
Disagree”) to seven (“Strongly Agree”). 

Principal component analysis (PCA) with Varimax rotation was conducted to 
screen the items and check their validity. PCA was run on 4-items of QPVR, 9-items 
of PC, 6-items of PU and 6-items of ATU. On the first iteration, PCA extracted only 
one factor of QPVR validating all the 4-items. The PCA values of QPVR are eigen 
value = 2.120, percentage of variance = 53.009, KMO= 0.734, Bartlett’s test of 
sphericity = 0.000 (p < 0.05) and Cronbach’s alpha = 0.704. Table 1 shows the factor 
loadings of QPVR. At the first iteration, PCA produced two components of PC with 
some low loading items. The third iteration, after deleting 4 invalid items, produced 
one component. This component consisted of 5 items. The PCA values of PC are eigen 
value = 2.515, percentage of variance = 50.296, KMO = 0.789, Bartlett’s test of 
sphericity = 0.000 (p < 0.05) and Cronbach’s alpha = 0.748. Table 1 shows the factor 
loadings of PC. PCA extracted only one factor of PU. PCA validated all the 6-items of 
PU. The PCA values of PU are eigen value = 3.065, percentage of variance = 51.075, 
KMO = 0.762, Bartlett’s test of sphericity = 0.000 (p < 0.05) and Cronbach’s alpha = 
0.806. Table 1 shows the factor loadings of PU. PCA extracted only one component of 
ATU. However, only 4-items were chose and 2-items were deleted as their initial 
extraction values were very low. The PCA values of ATU are eigen value = 2.184, 
percentage  of  variance = 54.599, KMO = 0.703, Bartlett’s  test  of  sphericity = 0.000 
(p < 0.05) and Cronbach’s alpha = 0.742. Table 1 shows the factor loadings of ATU. 
Due to the least number of items (i.e. 2) only reliability of BI was examined. Guttman 
Split-Half Coefficient was used to test the reliability of BI. Guttman Split-Half 
Coefficient of BI was 0.700. 
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       Table 1  
Measurement scales of constructs of the study 

 

Constructs Measures Loading 
QPVR Q1. I often review the product content generated by multiple users on 

YouTube. 
.729 

 Q2. I usually feel confident in user generated product content on YouTube 
when a group of users vote it positively. 

.757 

 Q3. I find the user generated product content on YouTube stimulating 
especially when multiple users create it. 

.744 

 Q4. I trust the user generated product content on YouTube when multiple 
users rate it positively. 

.679 

PC C1. User generated product content on YouTube is unbiased. .658 
 C2. User generated product content on YouTube is dependable. .660 
 C3. User generated product content on YouTube is honest. .783 
 C4. User generated product content on YouTube is reliable. .611 
 C5. User generated product content  on YouTube  is truthful .812 
PU U1. User generated product content on YouTube is good. .724 
 U2. User generated product content on YouTube is valuable. .678 
 U3. User generated product content on YouTube is a convenient source of 

product information. 
.880 

 U4. User generated product content on YouTube is useful. .504 
 U5. Users supply relevant product information on YouTube. .717 
 U6. User generated product content on YouTube makes product information 

immediately accessible. 
.734 

ATU A1. Watching user generated YouTube content enables me to get the reliable 
product information. 

.774 

 A2. Watching user generated YouTube content enables me to get useful 
product information. 

.820 

 A3. Watching user generated YouTube content enables me to know the 
different product aspects. 

.773 

 A4. Watching user generated YouTube content enables me to get rich 
product information. 

.561 

BI BI1. I will try the products shown on YouTube. * 
 BI2. I intend to consider the products shown on YouTube in my future 

purchases. 
* 

Note: *PCA was not applied on BI. 
 
A confirmatory factor analysis (CFA) was performed to assess the goodness 

of fit of the measurement models of QPVR, PC, PU and ATU. Amos version 18 was 
used for the structural equation modelling (SEM) analysis. Traditional cut-off criteria 
of model fit (see Bentler, 1983:1990; Browne and Cudeck, 1993; Marsh and Grayson, 
1995; McDonald and Ho, 2002; Schumacker and Lomax, 1996) was used to assess the 
goodness of fit of measurement models of QPVR, PC, PU and ATU. Measurement 
models of QPVR, PC, PU and ATU showed a good fit to data (see Table 2). Minimum 
standardized path coefficients should be 0.20 and above 0.30 is considered ideal to 
accept the relationship between the variables (Chin, 1998). Figure 2 shows the CFA 
item loadings of the constructs of this study. 
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  Table 2 
Goodness of fit of the measurement models 

 
Construct χ2 d.f. P χ2/d.f GFI IFI CFI NFI TLI RMSEA 
QPVR 1.890 2 .389 .945 .996 1.00 1.00 .985 1.00 .000 
PC 13.740 5 .017 2.748 .977 .958 .957 .935 .914 .033 
PU 25.575 9 .002 2.842 .964 .955 .954 .932 .923 .050 
ATU 8.765 2 .012 4.383 .982 .965 .964 .955 .900 .048 
Criteria   > .05 < 5 > .90 > .90 > .90 > .90 > .90 < .08 

 
 

 
Figure 2. CFA item loadings of measurement models 
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5. Theory testing 
 
5.1. Model fit 
 
The model provides a good fit to the data with a Chi-square (χ2) = 1.286, df = 

4, p > 0.05. The χ2/df ratio = 0.322 is also satisfactory. χ2/df ratio  less than 5 is 
considered sufficient to accept the model (Thomson et al., 2005). Besides χ2 and χ2/df 
ratio, six indices, Goodness of Fit Index (GFI), Incremental Fit Index (IFI), 
Comparative Fit Index (CFI), Normed Fit Index (NFI), Tucker-Lewis Index (TLI), and 
Root Mean Square Error of Approximation (RMSEA) were used to examine the 
model fit. The model shows excellent fit to data on these indices by exceeding the 
proposed goodness-fit values of traditional cut-off model fit criteria (see Bentler, 
1983:1990; Browne and Cudeck, 1993; Marsh and Grayson, 1995; McDonald and Ho, 
2002; Schumacker and Lomax, 1996) (See Table 3).  

 
Table 3 

Structural model fit 
 

Construct χ2 d.f. P χ2/d.f GFI IFI CFI NFI TLI RMSEA 
Model values 1.286 4 .864 .322 .998 1.000 1.000 .987 1.00

0 
.000 

Cut of Criteria   > .05 < 5 > .90 > .90 > .90 > .90 > .90 < .08 
 
 

 
Figure 3. Structural model 

 
5.2. Structural model and hypotheses testing 
 

The proposed structural model tested in the current study consists of six causal 
paths (see Figure 3 and Table 4). The minimal value of standardized path coefficient (β) 
should be 0.20 and above 0.30 is ideal to accept the relationship between the two variables 
(Chin, 1998). In the proposed model, all the six paths are statistically significant (Table 4). 
Causal path between QPVR and PC has β = 0.36 and p < 0.001. These results support 
the hypothesis (H1) that quantity of posts, views and reviews has a positive effect 
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on the perceived credibility of user generated YouTube product related content. 
Similarly, causal path between QPVR and PU has β = 0.48 and p < 0.01. These results 
support the hypothesis (H2) that quantity of posts, views and reviews has a positive 
effect on the perceived usefulness of user generated YouTube product related content. 
Causal path between PC and ATU has β = 0.36 and p < 0.001. These results support 
the hypothesis (H3) that perceived credibility of user generated product content on 
YouTube has a positive effect on user attitudes toward it. Causal path between PC and 
PU has β = 0.47 and p < 0.01. These results support the hypothesis (H4) that perceived 
credibility influences perceived usefulness of user generated product content on 
YouTube positively. Causal path between PU and ATU has β = 0.51 and p < 0.001. 
These results support the hypothesis (H5) that perceived usefulness of user generated 
product content on YouTube has a positive effect on user attitudes toward it. Causal 
path between ATU and BI has β = 0.32 and p < 0.01. These results support the 
hypothesis (H6) that positive user attitudes toward the product content generated by 
other users on YouTube have a positive effect on their intentions of using it in 
purchase decision making. 

 
Table 4 

Standardized path coefficients and hypotheses testing 
 

Hypotheses Causal Path Standardized Path (β) P Remarks 
H1 QPVR→ PC .36 *** Supported 
H2 QPVR→PU .30 ** Supported 
H3 PC→PU .48 *** Supported 
H4 PC→ ATU .47 *** Supported 
H5 PU→ ATU .51 *** Supported 
H6 ATU→BI .32 ** Supported 

Note: *P < .05, **P < .01, ***P < .001. 
 
6. Discussion 
 
In the last two decades enormous changes took place in the ways of social and 

business communication. Undoubtedly, the internet has played the role of a catalyst in 
this change. Recently, social media profoundly transformed the communication 
landscape and this transformation still continues (Edwards, 2011). Social media is user 
generated media and most of the content available on it is user generated (UGC). 
Users usually generate verbal, visual and multimedia content on different platforms of 
social media (e.g. on YouTube) (Cheong and Morrison, 2008). The current study 
focused on the product related content which internet users generate on YouTube. 
Consumers perceive UGC as more credible and useful than the producer generated 
product information. UGC is considered to be objective and unbiased.  Today, many 
consumers prefer to make purchase decisions based on the comments and 
recommendations which other consumers post on social media (Harris and Rae, 2009). 
The current study aimed to assess the influence of quantity of posts, views, and 
reviews (QPVR) on the perceived credibility (PC) and usefulness (PU) of product 
related content  which users generate (UGC) on YouTube. It also aimed to examine 
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the influence of perceived credibility and usefulness on consumer attitudes toward product 
related content which other users generate on YouTube (ATU). In addition, it attempted to 
assess the association between consumer attitudes toward user generated YouTube 
product content and their intentions to use that content in purchase decision making (BI). 

Consistent with past studies (e.g. Wunsch-Vincent, 2007) the current study 
found that the quantity of posts, views, and reviews has a positive effect on the 
perceived credibility and usefulness of the product content which users generate on 
YouTube. Wunsch-Vincent (2007) identified that the numbers of posts, views, and 
reviews affect the perceived credibility and usefulness of the product information, which 
users upload on YouTube. Once a user uploads the video on YouTube it may have 
numerous comments, ratings, favourites and subscriptions by other users. These 
comments, ratings, and subscriptions enhance the perceived credibility and usefulness of 
the UGC on YouTube (Han et al., 2009).  Posts, ratings, tags, and comments influence 
the diffusion and use of UGC (Liu-Thompkins and Rogerson, 2012; Harris, 2012). 
Popular user generated videos on YouTube that are viewed and reviewed by numerous 
people shape the public opinion, attitude, and sentiments (Bachrach, 2008; Kiss, 2006).  

The current study found that perceived credibility positively influences the 
user attitudes toward product content which other users generate on YouTube. The 
message sources that consumers perceive more credible have strongly positive effect 
on their attitudes toward the message (Friedman and Friedman, 1979; Ohanian, 1990). 
Consumers perceive UGC sources (e.g. bloggers, video up-loaders etc.) as more 
credible than social media advertisers and possess positive attitudes toward UGC 
(Jonas, 2010). The current study also found that perceived credibility has a positive 
effect on the perceived usefulness of the product content which other users generate 
on YouTube. Some past studies conducted in web context support this finding. For 
example, McKnight and Kacmar (2007) found that information credibility influences 
the perceived usefulness of the information on the web positively. Consumers perceive 
online comments and product reviews credible as well as useful aids in purchase 
decisions (Cheung et al., 2008). 

Daugherty et al. (2008) stated that perceived value of the content affect the 
consumer attitudes toward it. The current study identified that perceived usefulness 
positively affects the consumer attitudes toward the product content which other users 
generate on YouTube. Goldsmith and Horowitz (2006) identified that consumers 
perceive other consumers’ online product reviews and comments useful and risk 
reducers in purchase decision making situations. Generally it is believed that consumers 
share both positive and negative product experiences with other consumers on social 
media. Conversely, product producers are perceived to advertise only the positive 
aspects of their products on social media. This perception has a positive effect on the 
consumers’ perceived usefulness of the content which other users generate on YouTube 
(Cheong and Morrison, 2008). Attitude significantly influences the behavioural 
intentions (Kraft et al., 2005; Mosavi and Ghaedi, 2012). The current study found that 
consumer attitudes toward the product related UGC on YouTube and their intentions of 
using it in purchase decisions are associated positively. Consumers’ positive attitude 
toward the UGC leads to the consumption of UGC (Daugherty et al., 2008). 
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7. Conclusions and implications for business 
 
The advent of social media has profoundly reshaped the communication 

landscape. It has significantly changed the relationship between the product producer 
and product user. Today, consumers rely more on the product recommendations and 
information which other users generate on social media (e.g. on YouTube) than the 
product advertisements. The current study examined the influence of the quantity of 
posts, views, and reviews on the perceived credibility and usefulness of the product 
content, which users generate on YouTube. Results revealed that the quantity of posts, 
views, and reviews has a positive effect on consumers’ perceived credibility and 
usefulness of product content which other users generate on YouTube. In addition, 
results showed that both perceived credibility and usefulness positively influence 
consumer attitudes toward the product content which other users generate on 
YouTube. Results also revealed that consumer attitudes toward the content which 
other users generate on YouTube and their intentions to use that content in purchase 
decisions are associated positively. 

The current study treated quantity of posts, views, and reviews about products 
on YouTube as a single construct. Future studies should treat quantity of posts, views 
and review as separate variables. Future studies should also examine the impact of 
advertising messages embedded in user generated YouTube content on consumer 
attitudes and behavioural intentions. 

The findings of the current study have some important implications for those 
businesses which advertise their products and services using social media (e.g. 
YouTube). These findings suggest that advertisers should sponsor social media users 
to promote their products. Users who generate product content or information on 
social media are viewed as opinion leaders by other users (Cheong and Morrison, 
2008). These findings also suggest that social media advertisers should embed their 
advertising messages in user generated YouTube videos with the permission of the 
video uploader. This will expose more users to the advertiser’s message. This is 
justified by the fact that young consumers perceive UGC publishers (e.g. bloggers, 
video up-loaders) as credible and like to watch user generated videos on YouTube 
(Jonas, 2010). Furthermore, findings of the current study imply that advertisers should 
use real product users in their social media ads instead of celebrities. Consumer 
endorsements enhance perceived credibility of the endorsed product. It enhances the 
audience’s attitudes toward the endorsed product (Wang, 2005). 
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